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R 25 : Me2tolHEE]| 7|2 AF8H (=R HI0lE al)

R CONSOLE

XGBoost

library(xgboost)

dtr <- xgb.DMatrix(data.matrix(train[,1:11]), label=train$al)

dva <- xgb.DMatrix(data.matrix(valid[,1:11]), label=valid$al)

Xg <- xgb.train(params=list(objective="reg:squarederror", eta=0.05, max_depth=4),
data=dtr, nrounds=3000, evals=list(valid=dva), early_stopping_rounds=100)

LightGBM

library(lightgbm)

ltr <- lgb.Dataset(data.matrix(train[,1:11]), label=train$al)

lg <- lgb.train(params=1list(objective="regression", learning_rate=0.05, num_leaves=15),
data=1ltr, nrounds=3000, valids=list(valid=1lgb.Dataset.create.valid(ltr,
data.matrix(valid[,1:11]), label=valid$al)), early_stopping_rounds=100)

CatBoost ("H#F™ : season, size, speed = 1~-3HW &)

library(catboost)

ptr <- catboost.load_pool(train[,1:11], label=train$al)

cbm <- catboost.train(ptr, catboost.load_pool(valid[,1:11], label=valid$al),
params=1list(loss_function="RMSE", iterations=3000, learning_rate=0.05, od_type="Iter", od_wait=100))

#
>
>
>
>
+
#
>
>
>
+
+
#
>
>
>
+

CatBoost: factor Z2 BFEOZ Xf& 214/, AHA/= remotes::install_url(GitHub Z/E2/A F£4) — catboost.ai &/ R &X/ 24 21
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S|AETOM + leaf-wise HE + GOSS-EFB —» CHEZ0||A S , 22 O|0|E{0f| M 2cH &gt 2

Ordered TS - ordered boosting 2 target leakage XAttt + CHAE E2|, HEH #Ha0 et

CIS : Boosting 2 B — M| 2l0|E2{2| 3E9| B HMEF
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