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Target encoding(catboost)
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Embedding vector(word2vec)
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* One-Hot Encoding:
e A[1,0 0]
e B:[0 1,0]
e C.[0,0, 1]
o X3
* Embedding Vector (KAt L& HE):
o A [0.12, -04]
e B:[05, 03]
e C:[-0.8 0.1]
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ox 2=

library(keras)

# Oojy 49

data <- data.frame(
Category = c("A", "B", "C", "A", "B", "C", "A", "B"),
Target = c(1,0,1,1,0,0, 1, 0)

)

#HEY WaE dyaz

rs

=13

—

category_index <- as.integer(as.factor(data$Category)) - 1 # QIEIAE 0 E A|Z

—

target <- data$Target

# UHE Xt 8

num_categories <- length(unique(category_index))

embedding_dim <- 2 # QM| Xt

# 29 Hol

input <- layer_input(shape = 1)

embedding <- layer_embedding(input_dim = num_categories, output_dim =
embedding_dim)(input)

flatten <- layer_flatten()(embedding)

output <- layer_dense(units = 1, activation = "sigmoid")(flatten)

model <- keras_model(inputs = input, outputs = output)

# 29 Zmt

model %>% compile(
optimizer = "adam",
loss = "binary_crossentropy",

metrics = c("accuracy")

EE
model %>% fit(

X = category_index,

y = target,
epochs = 10,
verbose = 1

embedding_weights <- get_weights(model)[[1]]
print(embedding_weights)



